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AXKHXH: WEKA: INSTANCE-BASED LEARNING
(HTTP://WWW.CS.WAIKATO.AC.NZ/ML/WEKA)
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— n e€okeimon pe wepapato tavounong oto Weka
— 1 eokeimon pe Ta&vounon Pacel TopaderypdTov

1. ®optdote oto Weka to apyeio adult.arff.
2. To&wounon: Emidééte 1o pevov Classify. Xto Choose emaéte classifiers -> lazy -> IB1.

IB1 classifier: Uses a simple distance measure to find the training instance closest to the
given test instance, and predicts the same class as this training instance. If multiple
instances are the same (smallest) distance to the test instance, the first one found is used.

¥to Test Options emAéyw tov TpdmO pe tOV omoio Oéhm va eléyéw tnv amddocn Tov
alyopifuov.

Use training set: EAéyyxeton n anddoon tov alyopiBuov og dho to dedopéva exkmaidevong (dev
YPNOLOTO0VVTOL KaBOAOL Katvovpla, dyvoota mopadeiypata) — 0ev evosikvoton!

Supplied test set: IMapéyw éva apyeio eréyyov pe kawovpla, dyvwoto mapadeiypota. To
apyeio eEA&yyov £xel akpPdg TV 1010 Lopen| He To apyeio ekmaidevonc.

Cross validation: Xwpilovtor to dgdopévo tov apyeiov dedopévov oe X oo TuRpOTO.
[Mpaypatonotovvror X wepdpata (folds), 6mov ot kabe Eva datnpd 10 Evar TURLLO TOV apYEioL
OedOUEVMV Yo EAEYYO KO TOL LITOAOUTO, Y10 EKTOIOELON).

Percentage Split: Awupd 10 apyeio dedopévaov oe dvo tuquate (divoviag TocooTo): T0 Eval
xPNOOTOLEITAL Y10 EKTOIOELOT Kot TO AL Yo EAEYXO.

EméEre Cross Validation pe 10 folds. TTatfote to Start. Xto de&i tunquo tov mapadvpov Oa
EULPOAVIGTOVV TO ATOTEAEGLATO TG TASLVOUNONC.

3. Amédoon tefvouneng: Iopoatnpiote oto 6e&il mapdbupo tic evdei&eig Correctly classified
instances ko Incorrectly classified instances. H rpmtn ovoudleton Accuracy (Opfotnza).

H opOdtnTo dev amoterel aliomoto pnéTpo amddoong amwd povn te. lNorti;

4._A&wiéynen Tov amoteheondrov: Kavovrag deéi KAk tave oto 1d3 oto medio result list
(kGto aprotepd), epeaviCovrar po oelpd and eVEPYELEG TOV UTOP®D Vo EMAEE®D Y10 TO LOVTELO
tagvount mov £QToEa. Mmop® Vo GOCM TO OTOTEAEGLATA OV DGTE VO AToONKELTOUV GE
KOmOlo opyelo, UTOPD VO OOGH® TO HOVIEAO TOL TOEWVOUNTY], (OTE VO HITOP® VO TO



http://www.cs.waikato.ac.nz/ML/WEKA

EQVaYPNOLLOTOMG® GTO HEALOV Y10 VO TOSIVOUNGM KOvoLPLo TOPAOELYLOTO, UTOPD VO, O™ TOL
AGOn ta&vounonge.

Em\é€re Visualize classifier errors. Eugavietot éva didypappa e dvo aEovec. Mmopeite va
EMAEEETE OTOLOONTIOTE OO TOL YOPAKTNPIOTIKA Vo amekovileTon atov €va 1| 6Tov dAlo d&ova,
and to avtiotoya medio (X kot Y). Kdabe tyun g khdong ta&vounong €xet 1o 01Ko g xpouo
(paivetar oto LVEOUVNUO OTO KAT® HEPOG TOL dlaypaupatog). Ot cwotéc TaSvounocelg
Qaivovtal wg oTavpot, ot AaBog paivovtal og TeTpaymvakia. Me KAK Tave o€ éva Tapaderypo
umopeite vo dgite mANpoeopieg oyeTiKéG pe 10 mapddetypa (tov apBpd tov, TIc TEG TV
YOP/KOV TOV, TNV TPUYLOTIKY] TOV KAAGT Kot TNV KAGoT otnv onoia taivounonke).

5._Hewpdpore:  EmavélOete oto apyikd oet yapaktnpiotikdv. And 1o pevov Classify, oto
Choose emié€te classifiers -> lazy -> IBKk.

Difference between IB1 and IBk: The biggest one is probably that IBk
will keep extending the Ilist of neighbours when several instances are
equally far away. This happens quite frequently on datasets with
nominal attributes (e.g. more than one neighbour might be used for
prediction if k=1). IB1 doesn't do this and uses the first nearest
neighbour it finds.

TpéEte tov IBK o drapopetikég tiuég tov K. T mapatnpeite; Towd tyun tov K odnyeil oty
KoAVTEPT 0pBOTNTOL;

[a v Bértiotn tiun tov K tpééte mepapata pe dopopetikn uéhodo a&lordynong (mve oto
oopa eknaidevongc, 10-fold cross validation, percentage split). T1 mapatnpeite;




